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Abstract; Aiming at the current status of domestic waste output in Hefei, the historical data was verified

and compared by establishing time series ( ARIMA) , multiple linear regression (MLR) , grey system GM(1,1)

and back propagation neural network ( BPNN) models.

The results showed that the MAPE, MAE, RMSE, and

NRMSE of ARIMA (0,1,2) model were 1.879% , 2.240, 2.781, and 0. 021, respectively. The model had the

highest accuracy and the best effect, and was the best for domestic waste output prediction in Hefei. The model

was used to predict the domestic waste output in Hefei from 2021 to 2025, and the results were from 2. 188 9 to

2.907 1 million tons.
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Table 1  Domestic waste output and main influencing factors in Hefei from 2011 to 2019
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2011 4F 359.5 23 989 434 12 383 129 28.47 15 697 75.82
2012 4 362.7 27 373 470 14 629 012 29.00 18 758 92.03
2013 4 365.3 30 777 069 17 076 941 30.85 20 475 99.50
2014 4 369.9 34 344 500 19 503 323 35.20 18 214 110.22
2015 4F 375.3 37 666 841 22 046 257 35.30 20 049 129.16
2016 4 379.9 41 916 962 24 866 314 35.75 21 805 144.30
2017 4 385.4 46 928 625 27 917 866 35.90 23 312 153.74
2018 4} 393.9 56 787 448 30 390 067 35.20 25 339 166.31
2019 4 400.3 62 383 533 32 510 473 34.70 27 319 186.23
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Table 2 Prediction of domestic waste output in
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ARIMA(0,1,2)  MLR GM(1,1)  BPNN
2021 4 218.89 202.46 228.58 208.36
2022 4 236.06 215.47 252.67 221.67
2023 4 253.76 228.50 279.31 234.97
2024 4 271.97 241.58 308.75 248.27
2025 4 290.71 254.61 341.30 261.58
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